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Analysis of community change on conversation network before and after shock using emotion analysis
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With the spread of social media, the movements of information became interactive. As a result, social media plays an

important role in spreading information and forming opinions. However, sufficient research has not been done on the

formation of such opinions and the process of emotional change. In this research, by using Twitter data of the 2016 US

presidential election, how the size and density of the community divided by emotional degree polarity regarding a specific

topic changes before and after the presidential election, and the polarity of the positive negative The purpose of this study is

to clarify how the conflict structure between communities with social change will change.We obtained the result that the

confrontation structure of the positive community and the negative community will not talk about almost all fields analyzed

in the experiment. This suggests that it is causing an Echo chamber.
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