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Irregular Congestion Prediction, not Detection
PPN R PR B e @l il =Fdtht I kg
Kota Tsubouchi Masamichi Shimosaka ~ Tatsuya Konishi Mikiya Maruyama Tatsuo Yamashita
1 7 =&t LRI TR SRS

Yahoo Japan Corporation

Tokyo Institute of Technology

The University of Tokyo

Thanks to the recent popularity of GPS-enabled mobile phones, modeling people flow has provided successful
results in irregularity detection. With large-scale crowded events, it is crucial that there be enough time to take
countermeasures against the irregular congestion, i.e., irregularity prediction.

To tackle this problem, we focus on route search logs. This paper presents a brand new framework for city-scale
event prediction, not detection. By our observation of data where the route search logs related to a future event
are in most cases repeatable and accumulated in proportion as the event draws near, we are able to leverage
the divergence between the above two properties to predict city-scale irregular events. We demonstrate through
experiments using the transit app logs that our approach can successfully predict city-scale crowded events one
week in advance. The proposed method are evaluated and the method performs well to predict big scale irregular

congestion
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