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Recently, attention mechanism plays a key role to achieve high performance for Neural Machine Translation
models. It applies a score function to the encoder states to obtain alignment weights. However, as this computa-
tion is done for all positions in each decoding step, the attention mechanism greatly increases the computational
complexity. In this paper we propose a novel attention model which can reduce redundant attentional computation
in a flexible manner. The proposed mechanism tracks the center of attention in each decoding step, and computes
position-based penalties. In the test time, the computation of the score function for heavily penalized positions are
omitted. In our experiments, we found that the computation in the attention model can be reduced over 50% in

average with almost no loss of accuracy.
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