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Recently, neural networks have been successfully applied to computer vision and natural language processing.
Image Question Answering is one of the most famous tasks which uses both visual and language information. While
there are many researches which achieve state-of-the-art performance, they need a large amount of data. However,
it is difficult to make dataset because of high cost to collect question answering data. Therefore, we propose the
framework to augment dataset by generating QA pairs using scene graphs. We evaluate our method on Visual

Genome dataset.
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Generated: What time of day was this photo taken?
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