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An Analysis for Interpretation Process of Stories based on Comics Features
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In the artificial intelligence field, four scene comics is the suitable target for interpretation process of stories.
This paper describes two kinds of our proposed classification; to classify emotion of comic scenes and to classify the
role of order of four scene comics. Based on these results, we propose several equations to estimate story patterns
and caption generation of four scene comics as an example task of interpretation process of stories.
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1: Each example of three types dataset
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2: The architecture based on AlexNet[11]

# 1: Computer spec

os Ubuntu 14.04 LTS
GPU GeForce GTX TITAN X(12 GB) 2
CPU Intel(R) Core(TM) i7-5930K CPU @ 3.50 GHz
Memory 32GB
Chainer 1.10.0
Java 1.8.091
Python 2.7.6
24 HAERICHERTI2ERE Y ZADESR

1 2 DOYERE RN 7 7 A DRE BRI 38 T AT RED A
RB78, 230EROMT, £F—X¥y NT2HMMAITT
MEINZEIEZ 7 ANEBBOEHBEOAZFHL, 530
T2RBIE D 7 AR EENZEMR T N e UTEHERERE L/
WERENEE LU -HAI D2 5 2%, H2EENHAK 6 &
1 [10] (it i) 7.

6 7 T ARG 2GR, B IR hr o 72, FBE 30
W, BeE 44z HHATEI L & L.

BRMEGEDP I ED ZEHENKE WD
AU 2 < IR R B TH B L £ X, HEUSNDOEHIZ
DWCHMARERETE720, K77 ANSEREENILLE
FNIEEZIORE, UTFTOTF—X2HWTEIEICETS 2
VwS i aN

, EROBRE

1. 8% 18
2. BEE 22

2.5 #HEREIC & BERBIER
UFD& iz, BEREDFIEZEL T, ADEH
IOEIIE X A

R D &

1. 2ACTHMT 22 2Dz TR THEE] 25 ADH
Bx, YT —RETFARNTF—RIZT VA LI %?77\
BADLEEREDI S NEIL. T — 21T 28K, T
ANT=RIZ12HMTH .

. BB (20 1%, B 24) IZFIT — &% 10 MR

T, Fifia A e 3 d7.

AHHIFIZ A E LR R 2B I LRMP S, TAMT—X

2, WIENHLOKIE Y I AR I

24 DFAIEIZT VT NG 0.83T, FMEGIZT TS 5
T2, 2EAMBATULE T 7 AHET AR, TR 1 T
WTW5 ], M) & IF~x—2) TEH) TH5B. KT, 22
DTS5 AZHHT B0, bk, Fie X OB, HOH
EEHEREOHMPVWERFIZEH LT W

2.6 FrEMIC K 2FHBIEER
ADOBHEBREFACT - X 2HWT, BAAAZ21—T )

% w k7 —2 (CNN:Convolutional Neural Network} #4E L C,

G2 7 ADMAREF R, M2i2xy M-Ik, K

& 2: Parameters of neural network

The number of output units 2
Batch size 20
Node size of fully connected layer 1L 256
Node size of fully connected layer 2 256
The number of epochs 600
Dropout ratio 0.5

Activation function
Loss function
Optimizer

ReLU function
Softmax cross entropy
Adam:alphale-6

Z% 3: Conv layer parameters

Convl | Conv2 | Conv3 | Conv4 | Conv5
Filter size 5x5 5x5 5x5 5x5 5x5
Padding size 0 2 1 1 1
Stride 2 1 1 1 1
7% 4: Pooling layer parameters
Pooling 1 | Pooling 2 | Pooling 3
Size 3x3 3x3 3x3
Padding size 0 0 0
Stride 2 2 2
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Dataset for experiment 1
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Dataset for experiment 2

3: The Process of Preparing Experimental Dataset

Title 4 Title 3 Title 2 Title 1
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N whole story
Original data
#% 5: Accuracy of Subjects
ETIES
Set Userl | User2 | User3 | Userd4 | F¥3
Set 1-(1, 2) 0.70 0.80 0.80 0.40 | 0.675
Set 1-(1, 3) 0.70 0.80 0.90 0.70 | 0.775
Set 1-(1, 4) 1.00 1.00 0.80 0.90 | 0.925
Set 1-(2, 3) 0.80 0.50 0.80 0.70 0.700
Set 1-(2, 4) 1.00 0.70 0.90 0.80 0.850
Set 1-(3, 4) 0.90 0.70 0.70 0.70 0.750
Set 2-(1-2, 2-3)| 0.80 0.80 0.60 0.80 | 0.750
Set 2-(1-2, 3-4)| 0.90 0.90 0.80 0.80 | 0.850
Set 2-(2-3,3-4)| 0.70 0.60 0.90 0.80 | 0.750
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# 6: Comments of Order Classification
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