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Study of Sentiment Analysis using Emoticons on Twitter
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Emoticons, which look like human faces, are symbol sequences to express user’s sentiments of their text mes-
sages. Because users create new emoticons or modify existing emoticons easily, too many variants are produced
continously. There are some researches of sentiment analysis using emoticons, it is difficult for them to treat such

problems.

In this paper, we discuss a sentiment analysis framework using emoticons.

To create a large emoti-

con sentiment dictionary, we extract many different kind of emoticons automatically by using information such
as Unicode character properties and Unicode blocks. Furthermore, we extract two types of clusters from various
emoticons: one is synonyms of a emoticon and another is synonymies of a emoticon.
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