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In recent years, Deep Neural Network (DNN) is raising the remarkable achievements in the field of image

recognition and speech recognition .
data , there is a research of stock price prediction .

In addition , DNN has been also made an attempt to apply the time-series
However , it is said that only to predict the stock price and
change direction is insufficient to build a stock trading strategy .

In this paper , we proposed the method to

determine automatically from the time-series data such as stock prices by DNN when and how many stocks you

should buy and sell.
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