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A Method for Analyzing Function of Social Tags Based on Constructing Stochastic Networks
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We focus on the functions or dynamics of social tagging and propose a method for classification of social tags. Our
method is based on an analytics about node popularity, in-degree probability, and PageRank in stochastic networks.
Furthermore, this method has an originality that generates stochastic networks from similarities between social
tags. Although we treat complete graphs in experiments, our computational method can obtain the PageRank
values in a short time. In the tag classification, we use a combination method of a greedy search and a local search.
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