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When planning an evacuation, it is mostly used a simulation in a virtual environment. To make a simulation real,
a modeling an evacuation behavior of individual people’s becomes very important and critical. In the current typical
way to model each norm of evacuation depends on a manner of try-and-error with little experience. Therefore,
being based on this current way is caused an unexpected damage and accident. To solve this problem, we focus
on automated generation of model based on a bunch of behavioral data at the disaster situations. In this study,
we assumed that the norms of evacuee’s are different each other, and propose an extraction method by using

evolutionary computation.
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