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Reinforcement Learning Based on Action Values Combined with Success Probability and Profit
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Success probability based reinforcement learning is a method that calculates the expected value of the success
probability of each state action pairs, removes actions with low success probability and selects a safe action from
the remaining actions. However, this method is not suitable in the environment where risk is not avoidable, i.e.,
no action has sufficient success probability. So we propose a method based on the combination of the success
probability and conventional action values and investigate the behavior selection when risk is not avoidable.
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