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g o

Ran Tian

o0 oo
Naoaki Okazaki

g ood

Kentaro Inui

good

Tohoku University

Dependency-based Compositional Semantics (DCS) is a framework for constructing meanings of sentences from
dependency-like trees. Toward a seamless application of DCS to textual entailment recognition, we connect DCS
with a vector-based composition model, showing that vector-based composition brings an ability to calculate similar
phrases as similar vectors, whereas DCS provides structured representations that facilitate inference.
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