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Predicting Demographics and Personalities from Profile Images of Social Network Users using
Convolutional Deep Neural Network
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In this paper, we propose the method to predict some demographics and personalities of SNS users based on their profile pictures using
transfer learning approach. We aim at helping users access their peers and construct their social capital by automatically extracting some
useful information from SNS profile pictures. We developed Facebook app to obtain user information and employed Convolutional
Neural Network (CNN) to classify some demographics and personalities including gender, age, and extroversion. As transfer learning,
the proposed method utilizes pre-obtained features from gender classification to predict personality of a user. The results show that we
can achieve classification accuracy of 80.98% on prediction of extroversion of a user.
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