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In recent years, high-dimensional time series data have been accumulated according to development of brand-new
device. It is desired to extract important information from the accumulated data and support humans to make
their decision. However, the traditional statistical methods where only a few variables are considered are not always
applicable when analyzing a dataset of several dozens or more variables. In this paper, we propose a method for
detection of structural change based on clustering in high-dimensional time series so as to detect change points in
real time and at high speed from the data. In the experiment, the proposed method is applied to the test data,
which are 2 types of data including 2 change points and including 2 change points with noise. As a result, the
proposed method can detect change point robustly with high precision. In future works, we will apply the method

to real business data.
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