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The creation of an enormous data with annotations is usually expensive and time-consuming. By using crowd-
sourcing services, we can annotate large datasets at low cost. However, quality of products from crowdsourcing
cannot be guaranteed because crowdsourcing workers are non-experts, therefore, quality control is essential. In this
paper, we propose two quality control methods for crowdsourced multi-label classification tasks. Existing methods
are not able to take a relation of each label into account or are computationally expensive. To solve this problem,
we propose the methods using RAKEL, a method which captures a correlation between labels and is not compu-
tationally expensive. We demonstrate that our methods estimate labels more effectively than existing methods on
crowdsourced multi-label classification tasks in the case that there is a correlation between labels. We also show

that the proposed method is robust against spam workers.
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