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Proposal and evaluation of recommendation metrics for grocery stores
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Recommender system provides relevant items to users. Collaborative filtering is the most widely used technique in recommender

systems. This technique is useful in the area of mass merchandiser market, such as the video-rental, on-line shopping. However, the

grocery stores have a different aspect of these markets. In this paper, we propose a recommendation metrics for grocery stores considering

selling aspect, and evaluate this metrics with actual data of a grocery store.
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