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Deep Learning is widely used in many applications such as image/speech recognitions, natural language pro-
cessing, robot/game controllers and so on. Among them, an image analysis has a strong affinity with business
issues from the view point of the availability of huge data sets and the understandability of analysed results. In
this paper, using human detections by Faster R-CNN and anomaly class detections by clustering methods with
extracted feature maps, we perform the detection of inappropriate images that are undesirable in terms of a web site
policy. As an experiment, we use the image data in SUUMO, the largest housing information site. The proposed
approach acheives the high recall rate for human detections and the sucessive detection of images that include
property before completion and objects unrelated to property, which turns out it is useful for business purposes.
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Algorithm 1 Human regions detecion
Require: threshold ¢ (e.g. t = 0.3)
Ensure: images having detected human regions

for each image of the data set:
detect high objectness regions by RPN
for each region of the detected regions:
compute class probabilities p; by CNN
if Pruman > max(t, max(pothers)):
draw the rectangular on the image
pixelize the image within the rectangular
else:
continue
return the image
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