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Recommendation Based on Preference Prediction
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Recent studies have shown that incorporating context data such as weather, time, and location in recommender
systems improves the accuracy of the recommendation. In this paper, we focus on the ordering of the time to
analysis changes in user preferences. We aim to improve the accuracy of the recommendation by learning the
ordering of user’s purchasing data by using the Kalman filter. Experimental results on Last.fm, which is the music
dataset, verified efficiency of our approach compared to the comparative approach such as the Simple Markov

process.
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