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Personalized Model Compression: Decomposing Large User-Independent Action Recognition
Model into Small User-Specific Recognition Models
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Deep nets are increasingly used in application on sensor based human action recognition, which improve recogni-
tion performance and enable various applications; however, discrepancy between hardware requirements of deep nets
and capacity of current mobile devices appeared a major bottleneck to make it practice. This paper proposes novel
concept for compressing deep action recognition models, i.e., personalized model compression, considering unique
characteristics of sensor based action recognition. While existing model compression method aim to preserve all in-
formation or function of referenced model, the proposed concept purpose to decompose one large user-independent
network to small user-specific networks. This paper explains the concept, discuss the relation between existing
research areas, and show the empirical validation with a public sensor based action recognition dataset.
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