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Mutual Learning of Concept and Language Using Multilayered Multimodal LDA and HSMM
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In this paper we propose the use of hidden semi Markov model (HSMM) for grammar learning. Since the HSMMs
can segment phoneme sequences into words unsupervised and , the system can learn language from scratch. The
mMLDA, in conjunction with the HSMM-based grammar learning, makes it possible for the system to verbalize the
scene observed in daily life. This paper also examines a bootstrapping method for learning concepts and language
iteratively. Some promising results were obtained by the proposed method.
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