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Deductive model for memory and representation using DCGAN

ogQ
Itsuki Doi

oooog

Hiroki Kojima

oooo oo+

Lana Sinapayen

oooo
Takashi Tkegami

“0000o00oooon

Graduate School of Arts and Sciences, University of Tokyo

There is a growing trend to understanding perception as a generative process, which actively construct a internal
model of the world. Some studies proposed artificial models to capture this characteristics of perception, but
implementing such models have been quite difficult due to the lack of suitable artificial generative systems. Here,
we propose a new model of perception using powerful generative system, DCGAN. DCGAN is one of the deep
neural network system, and can generate new images from input image dataset. We show that this model might
be able to construct a model of the world by providing local view images and discuss new ways to study perception

using this kind of deductive models.
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