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Probabilistic Logical Inference (PLI) Systems, like Markov Logic Networks (MLN), enable logical reasoning
under uncertainty.However, in contrast to pure logical reasoning systems (like Prolog which provide a proof path),
explaining the inference result to the user is difficult. In PLI all logical rules might be related to the outcome,
although only few can be considered to be relevant enough. In this work, in the first part, we try to formalize
which rules should be considered as relevant, and define criteria for selecting appropriate rule subset. Secondly,
we propose a greedy algorithm which approximately solves the problem defined in the first part. Furthermore, we
illustrate our proposed method using an example.Finally, we discuss open problems and future applications.
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