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Community detection is one of the methods for network analysis. It is useful for understanding, visualizing and
compressing networks. Constrained community detection, which takes given constraints into account to improve the
accuracy, is a variation of community detection. Nakata proposed a method for constrained community detection
based on the optimization of constrained Hamiltonian by extended Louvain method. In this paper, we propose a
new method for constrained community detection in multislice networks. Multislice networks are the combinations
of multiple individual networks, which have abilities of representing temporal networks and those with several
types of edges. While optimizing Mucha’s modularity is popular for community detection in multislice networks,
our method optimizes the constrained Hamiltonian which we extend for multislice networks. By using proposed
method, we successfully detect communities taking constraints into account.
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