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Multi-Objective Optimization of Renewable Energy Mix by Evolutionary Computation
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To introduce the renewable energy in regional communities, it is necessary to select a sustainable energy mix on the basis

of evaluation from multiple viewpoints. The purpose of this study is to implement multi-objective optimization of renewable

energy composition in municipalities. NSGA-II, a kind of genetic algorithms was applied and modified as a method to solve

multi-objective optimization. A case study for a municipality showed that the Pareto solutions were successfully calculated

and modified algorithm showed higher performance than the canonical NSGA-II in some objectives having severe trade-off.
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