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Shopping Site Review Analysis for the Chinese Spam Review Detection
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There is a large amount of reviews on shopping sites, referring to which is becoming common when making a
purchase. However, recently there have been noticed a problem of uploading fake or spam reviews which praise or
depreciate the seller’s goods. Particularly in China, this problem is noticeable, and the reliability of reviews is low. In
this study, in oder to automaticaly detect Chinese spam reviews, we analysed the review sentences in one of popular

Chinese shopping site.
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