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Probabilistic Modeling of Regionality and Tourists’ Vaues Based on Their Voice to Hot Spring
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This study summarized tourists’ voice in some topics by applying text mining and PLSA to tourists review data. The

regional characteristics and tourists’ values were analyzed based on the topics and a model of satisfaction factors was
constructed by applying Bayesian Network. These approaches will be useful for considering tourism marketing strategies.
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4. PLSA

4.1 PLSA

PLSA(Probabilistic Latent Semantic Analysis)
[Hofmann 1999
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