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Thumbnail Tagging by Extended Bag of Frequent Local Histogram Method

e

Saki Kawanobe

JE IR A

Tomonobu Ozaki

H AR SCBAEE

College of Humanities and Sciences, Nihon University

Frequent local histogram method is an image classification technique to effectively utilize frequent patterns on
image features. In this paper, we extend the method by introducing new pattern selection criteria for multi-label

classification problems of thumbnail images in social media.
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