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Dependency analysis of pseudo-Japanese using a Bayesian network
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Recent researches revealed that certain regions of cerebral cortex serve purely syntactic processing, regardless
of the meanings of the words contained in the sentence. In computational neuroscience, on the other hand, a
new hypothesis claims that cerebral cortex works as Bayesian networks. If the hypothesis is correct, Bayesian
networks should be able to parse grammatical structure. We describe how to perform dependency analysis for
pseudo-Japanese using a Bayesian network, then discuss what should be done to evolve the network into a model

of human’s syntactic processing organ.
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