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A Study on an On-Line Learning for Multilayer Perceptron Using Guided Data
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We proposed an algorithm called decision boundary making (DBM) to induce a compact and high performance
multilayer perceptron (MLP) model. This time, we consider a memory-less on-line learning for an MLP model
which is obtained by the DBM algorithm. We propose an on-line learning using guided data to update a model
stably. In this paper, we investigate the performance of the proposed algorithm through experiments.
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