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Natural language inference (NLI) is the task to determine whether from a premise sentence we can infer a
hypothesis sentence. The recently published large Stanford NLI (SNLI) corpus make it possible to develop and
evaluate machine learning methods for NLI such as deep neural networks. In this paper, we propose a new neural
machine inference architecture which combine (i) a long short-term memory (LSTM) for representing the premise
and the hypothesis, (ii) a latent semantic space to capture the relation between the representations, and (iii) a
multiple kernel learning with deep neural network for NLI. This architecture allows us to model semantic inclusion
relation between the premise and the hypothesis in the latent space, and learn the multiple kernels including LSTM

using a end-to-end network.
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