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We consider the task of simultaneously deriving matrices representing typical structure of a set of input matrices,
and constructing low-dimensional representations of the derived matrices. By solving this task, we can find typical
structure from a set of networks represented as positive semidefinite matrices such as covariance matrices and
correlation matrices. In this paper, we propose a solution, whose key ideas are: (1) introducing a probabilistic
model with hierarchical latent variables, (2) conducting automatic relevance determination by employing variational
bayesian inference for model estimation, and (3) constructing positive semidefinite matrices representing typical
structure of the input matrices by using the estimated model.
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