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Deep Learning is a recetly-developed set of machine learning techniques which attracts much attention. The
most prominent part of the techniques is its ability to recognize things, and typically the representation composes
a layered-structure. Various studies on the integration of deep learning with reinforcement learning and image
generation are proposed so far. In this paper, we address how the deep learning can realize the long-term dream of
AT such as embodiment and symbol grounding. Especially, we discuss on how recent techniques on generative models
can adress to the good-old Al research such as SHRDLU, subsumption architecture, and machine translation.
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