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Web data is a useful resource for responce generation in dialogue systems. This paper presents an dialogue
model that selects an appropriate utterances from candidates extracted from Web data for non-task-oriented
dialogue systems based on the recurrent neural network (RNN). Proposed model ranks candidate utterances by
encoding utterances in given context and candidate utterances and calculating scores using the encoded vectors.
Experimental results show that our proposed model can appropriately ranks candidate utterances in order of

suitability to given contexts.
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