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Large scale user modeling, based on the user activities on the Web, plays a key role in online advertising
targeting. In our previous study, we introduced an approach that summarizes each sequence of user Web page
visits using the Paragraph Vector, considering users and URLs as paragraphs and words, respectively. The learned
user representations are used among the user-related prediction tasks in common. In addition, on the basis of
analysis of our Web page visits data, we proposed Backward PV-DM, which is a modified version of Paragraph
Vector. In this paper, we also report experimental results for evaluating the effect of data size.
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# 2. EREER. IR TH S AUC 2K, N7 MVET IV 5 FOFHIEZ#RE L T2,

AdClicker SiteVisitor

Acl Ac2 Ac3 Acd Ac5 Svl Sv2 Sv3 Sv4 Sv5
Bin 0.9753 0.8063 0.6641 0.7052 0.7524 | 0.7619 0.8188 0.7087 0.7920  0.7292
Freq 09814 0.8184 0.6580 0.6961 0.7509 | 0.7821 0.8163 0.7006 0.7781  0.7256
CBoW 0.9903 0.8323 0.6533 0.7154 0.7700 | 0.7999 0.8277 0.7067 0.7849  0.7339
Skip-gram 0.9906 0.8354 0.6562 0.7163 0.7725 | 0.8017 0.8328 0.7135 0.7931 0.7417
Directed Skip-gram | 0.9904  0.8374 0.6533 0.7159 0.7706 | 0.8019 0.8308 0.7120 0.7914 0.7394
PV-DM 0.9899 0.8151 0.6483 0.7242 0.7633 | 0.8051 0.8343 0.7180 0.7964  0.7479
Backward PV-DM | 0.9902 0.8247 0.6537 0.7345 0.7661 | 0.8092 0.8366 0.7222 0.8028 0.7491
PV-DBoW 0.9894 0.8288 0.6507 0.7290 0.7581 | 0.7965 0.8294 0.7198 0.7945 0.7489
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