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Computational cross-areal comparison for understanding of neocortical computational principles
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Computational neuroscientists have long been interested in deciphering computational principles of the neocortex,
the locus of intelligence. However, despite of the advances of neurophysiology, we have no clear idea yet on how to
deduce functional universals by comparing multiple functional areas. In the present study, we show that our primary
difficulty resides in the incomparability of functions, and that Linguistics has conquered it using a model-driven
approach. As Generative Grammar tested candidate English models in other European languages, computational
neuroscientists have started to test visual cortex models in the auditory system, which enables them to compare
the two systems from non-trivial viewpoints. To elucidate “universal functions” of the neocortex, we should further

this kind of computational cross-areal comparisons.
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