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Learning model using TCP/IP network combined with Echo State Network
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The internet web can be considered as a complex large scale dynamical system, where its exchanging packets
are controlled by the decentralized complex TCP/IP network. In this research, we propose a new learning model
on top of the TCP/IP network by using the internet simulator called ns-2. This model is based on the Echo State
Network (ESN) or so called reservoir computation, which is known as an supervised learning model of any recurrent

neural network.

An advantage of the ESN model is that we should only adjust its output weight strengths for learning. Since the
web shows a huge temporal variety in its packets flows, it is idealistic for implementing and processing reservoir
computation. Some primitive results for learning temporal sequences will be presented here.
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