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Relaxation of Alignment Constraints in Natural Logic for Textual Inference
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We proposed a method to recognize Japanese textual entailment using natural logic, which is effective in textual inference
involving monotonicity. Our system consists of four steps. First, it analyzes dependency structures of texts and identifies
word concept and monotonicity. Second, it establishes an alignment between texts. Third, it calculates entailment relation
between aligned phrases. Finally, it deduces textual entailment relation from monotonicity, dependency structures and
calculated entailment relation between phrases. The system has problems of rigidness of alignment constraints and
insufficiency of linguistic knowledge. In this study, we improve the system by adding lexical knowledge, using dependency
triples for alignment, and analyzing parallel structure and modality. We evaluated our system with a test set composed of 377
pairs. As a result, the system increases in accuracy from 51.2% to 60.5%.
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