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Emotion Recognition from One-Stroke Sketch
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This paper presents a method for recognizing emotion of the authors of one-stroke sketches. We collected 840 sketches
from 35 authors in the experiment in which each author was requested to draw a one-stroke sketch representing an emotion.
Emotions were grouped into eight classes based on the Plutchik’s theory. We trained an emotion classifier from the collected
data using the Support Vector Machine. We exploited a number of features extracted from the drawn image and the drawing
process and we found that some features such as color (hue, saturation, and value) and HOG (Histogram of Oriented
Gradients) were closely related to the author’s emotion. The classification accuracy using 10-fold cross validation was
51.9 %. When grouping emotions into two classes by assembling similar emotions into one group, the classification accuracy

was 71.9%.
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