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Predicting the burst using an user community in social media
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Recently, we can easily translate information using a social media such as Twitter and Facebook. Because Twitter came to

be used by many people, flaming came to be also paid attention. In this research, we define the burst as a phenomenon that

one tweet is retweeted by many people. The result is that accuracy with the user community features is about 5% higher than

that with only tweet and user features.
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