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A research of classifying emoticons and estimating sentiment of Japanese text based on the large-scale
analysis of user interaction on the social media
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Recently, research about extracting opinion from social media has become increasingly important. Distant supervision is
one of the approaches of sentiment analysis, using indirectly expressing sentiment, like emoticon, as labels for automatically
classifying the sentiment of the messages. In this paper, we extend this approach for Japanese text in which there is a wide

variety of emoticons unlike alphabet text.
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