The 29th Annual Conference of the Japanese Society for Artificial Intelligence, 2015

AR BT —

4F1-5in

& DIFTEN Y A F 2 7 A4

Extraction of latent dynamics from time-series spectral data
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In a broad range of fields, spectral data is obtained from spectroscopy. Spectral data have complex structure.
Spectral decomposition is a method to fit each peak of data to a unimodal basis function. Center, width and
amplitude of each peak reflect the nature of the subject. In recent years, time-series spectral data is obtained.
However, we usually analyze the data independently. In this research, we propose the method to analyze time-series
spectral data by using Bayesian inference, and validate its efficacy by using synthetic data.
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