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Difficulty of a comprehensive data collection and consideration of privacy protection leads to an increase of the
needs to analyze a set of inconsistent resolution data such as a pair of user’s individual information and attribute-
based statistical information simultaneously. In this paper, we focus on the problem of analyzing retail purchase
log data which consist of the log of membership users and that of non-membership users. By carefully considering
the relation between these logs, we propose a new method based on non-negative matrix factorization. We confirm

its effectiveness using real purchase log dataset.
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