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Identifying Key Spots and Representative Users by Hub and Authority Models
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We address a problem of identifying key sightseeing spots from movement of people. To this end, after organizing
the move points to some areas by the mean-shift clustering method, we propose to construct a network whose nodes
and directed links correspond to the areas and movement between them, respectively, and to identify the key spots
as some nodes of the network indicated by some ranking methods such as PageRank. In our experiments using
three datasets, we show that our method is vital and promising.
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Algorithm 1 mean-shift Procedure
Input: X = {Xg, Xp, -+, Xn}, X € R?

wherey; is a two dimensional vector denoting Latitude and

Longitude

1: Initialize yo « X, t = 1,y3 < M.« (Yo)
2: while [Im, k (yt) — M,k (Ye-1)Il = thresholddo
3 Y1 — Mok (W)
4 te—t+1
5. end while
6: Y° — My (W)
Output; y*
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