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A Study on Probabilistic Behavior Models Considering Influences from Social Environments
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Our decision-making in purchasing is shaped by social influences. For example, a user may be attracted towards
a popular item, an item recommended by others, or an item promoted by a television commercial. In this paper, we
propose a probabilistic behavior model which takes into account three factors: (a)preferences of each user, (b)social
influences from others, and (c)commercial stimuli from media. For modeling user’s behaviors, we employ marked
Poisson processes in which each factor is represented by their parameters. The parameters are estimated based
on Bayesian inference. The proposed model can be used for finding influential users or companies, and evaluating
which factor influences users. In experiments, the effectiveness of the proposed model is demonstrated by using

real-world data sets.
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