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Building a Comprehensive System for Preventing Flaming on Twitter
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It has been a social problem that a user who has made an inappropriate remark on the Internet receives a harsh

. Lo « .y
reaction from other users, which is called = flaming = .

We built a comprehensive system that aims to prevent

flaming especially focused on Twitter. The system predicts whether the user’s input will cause flaming. presents

the user expected replies to the user’s tweet, and suggests a corrected version of the tweet. The user is expected

to be informed of the danger of flaming and gain knowledge about how to correct the tweet.
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