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Emotion Estimation Method for Dialogue Sentences based on Associative Concept Dictionaries
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In this study, we have suggested a new method for emotion estimation of dialogue texts, applying data of associative
concept dictionaries to a network structure. We considered 6 emotions (i.e. happiness, surprise, anger, fear, disgust and
sadness) as an emotion vector, which propagated from word to word via the network to achieve a necessary condition for
emotion estimation. We also mentioned a context of dialogue, referring not only target text but also previous text input
before when estimating emotions. We have implemented the suggested method as a JavaScript system to evaluate with real
dialogue data on SNS, and got some results implying its availabilities.
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