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Annotation Method for Argumentation Records of The Same Subject
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Though logical tags attached to argumentation records helps to understand the records, annotation takes much
time. In this research, we propose an annotation method for argumentation records of the same subject. First of
all, each argumentation record is divided into some segments using the word clustering method. Then, for each
segment, topic is assigned. And by comparing and mapping segment sequences of more than one records, we

improve the precision of topic estimation.
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