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Quality Control for Crowdsourced Hierarchical Classification
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In this study, we focus on crowdsourcing, which has become widely used to annotate large datasets. One of the
major concerns in the use of crowdsourcing is the quality of results. As crowdsourcing workers are non-experts,
they may have a large variance in their abilities and motivation. Therefore labels annotated by them are often
unreliable. To cope with this problem, one of the widely adopted approaches is to make redundancy, which is
to request a single task to multiple workers and aggregate their responses to obtain more reliable annotations.
The main aim of this research is to develop an accurate aggregation method for hierarchical classification tasks on
crowdsourcing. Though it is a typical classification task, there is no method to exploit its hierarchical structure
for controlling the quality of labels. By using the structure information, it is expected to reduce the complexity
of classification and enable us to infer the true labels more accurately. This paper gives a novel method to model
worker’s annotation process in hierarchical classification tasks. We demonstrate that our methods aggregate labels

more effectively than existing methods on real crowdsourced hierarchical classification tasks.
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