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This paper proposes a new method to estimate the evaluation values of products and services from reputation
information by using a particle filter and the loess that is one of smoothing methods. In reputation information
sites such as Amazon.com and Tabelog, a user can post reviews and evaluate contents such as books, cameras and
restaurants. The existing reputation information sites estimate content values by statistically processing the user
evaluations. However, it is not always true that all users can evaluate contents correctly. So we need to estimate
the suitable content values from many user evaluations. In this paper, we investigate the efficiency of the proposed
reputation information system through simulation experimentations.
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O 1: A model of reputation information sites.
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O 2: A conceptual model of a particle filter.
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0 3: A distribution of the standard deviation of users.
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0 4: Estimated results.

0000000 5000000005000 500000 100
000000000000000000000 N=5000000
00000000000000000000000000000
0000000000000000 U([0.0,0.25)000000
00000000000000¢=0.0500000000000
00000000000000000000000000000
000000000000000 U([0.0,5.0))0U([0.0,0.04])
00000000000000000000 »=0.020000
00000000000000 Ly, =5000Loess 000
0000 Liess =50000

5.2 0OU0O0OO
gboboooooooboooooobooboooboooobooo
gbooooobooooboooooooboooboooOoboooooboo
0000 4(x) 0000000000000 0O PFOPSOPSO
LoessOOOO000O00OOOCOODOOOOOOOOOODOOO
gobooobooooooooobooboooooooooboooon
gbooobooooooobooooooobobooooboooon
ooo0O0O00C0DOO0O0O000000 PFOPSOPSO Loess
O0000000000000 PSO LoessODOODOOOOO

goobobooobobboobbbuooobbooobooboa
PSO LoessJOODODOOO 500000000PSO Loess
gooo0oooOob0 oooocooooooooogopsOo
LoessDOO0O0OO 400000000000

0000 4(b) 0 PFOPSOPSO LoessODOODOOOOO
googboboboooboboooobobobooboga
000000000000 000O00D0O00DOO00 PFROPSO
PSO Loess 0000000000000 PSO LoessO0O0O
gooboboboobooboobooog

00000 4(c)0000000000OOLoessOPS O Loess
gbooboobooboobooobooooboobooooo
goooboooboooobooobooboobooooooboo
gbopopooobooooooboobooobooobooobooo
0155000000000000000000 LoessOO0O
gobooboooboboobooboboobooboobo
O0O0O0O0O0O0ODO0O0000PSO LeessO0OOOOOOO
0000000 LeessOOOO0OOODOODOODOODO
00000 pSOO000O0O0DODOOOOODOOOOOO
gooboooooboboboooobobobuoboobouoo
PSO Loeess0O000OOODOOOOOOOOOOOOOOO

6. UOOO

goooooooooooooooooooboooboooo
gooooooooooooooooooboboooooooo
gdooboooooooooDOOOObO0O000d LoessO O
ooooooooooooboooooooooooooooo
oooooboooooooobooooooobooooooo
gobooooooooooboboooooooooboooooa
goooooooooooboooboooooooooooo
gooooooooooobooooooooboooooooo
gooooooooooocooooooooboooooooo
uoooooooooooboooobooooooooooooo
OoOOO0O0O0O0O0O0OO0OD0LeessOO0O00OOOOODOOOOO
goooooooooooooboooooooboboooooo
goooooooooooooooooooboooooooo
goooooobooooboooo

ERN

OO0OO00 JSPSOODO 257301850 26240046 0 0 0O OO
goboodgd

gooo

1] 0000, 000000000000 : 0000000
0000000000000, 0000, Vol48, No.9,
pp.966-971, 2007.

0000 :0000000 (00000000),000
0, 2011.

3]

William S. Cleveland and Susan J. Devlin., Locally
Weighted Regression: An Approach to Regression
Analysis by Local Fitting, Journal of the American
Statistical Association, Vol.83, No0.403, pp.596-610,

(1988).

(4 OOOO0O,0000,000,000000000000
gobooooooboooooo,coboooooooon,

J88-D-1(5), pp-958-968, 2005.



