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Number Fluctuation of Word Appearances in Social Media
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To examine number fluctuations in online social media, we focus on daily appearances of adjectives, adnominal
particles and conjunctions in Japanese blog space. We show that there is a non-trivial fluctuation scaling law
between standard deviation and mean. When the number of appearances gets larger, the standard deviation grows
linearly. Random Posting (RP) model, that is inspired by Random Diffusion model, is introduced to reproduce
the observed scaling law. For possible applications, we show one example of topic detection and we confirm that

detected peaks have external events.
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*1  http://code.google.com/p/mecab/downloads/detail?name=mecab-

ipadic-2.7.0-20070801.tar.gz (Accessed:2012.10.31)
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