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Massive data flow and sparse modeling
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Data has become highly dimensional due to recent developments in measurement technology, resulting in an
explosive increase in computational load. This makes it very difficult to perform modeling based on a hypothesis
proposal/verification loop. Sparse modeling (SpM) is a generic term for modeling that has been proposed to resolve
such difficulties. Its basic idea is that of a framework in which (1) explanatory variables in high-dimensional data
are assumed to be sparse (i.e., fewer than the number of dimensions), and (2) the number of explanatory variables
is requested to be made as small as possible while at the same time requesting them to be consistent with the data,
thereby facilitating (3) the automatic selection of explanatory variables without manual effort. In this presentation,
I introduce an analysis of population dynamics of face-responsive neurons in the inferior temporal cortex as an
example of the SpM, and discuss roles of the SpM in the framework of massive data flow.
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